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Late-onset neurodegenerative diseases remain poorly understood as search continues for
the perceived pathogenic protein species. Previously, variants in Superoxide Dismutase 1
(SOD1) causing Amyotrophic Lateral Sclerosis (ALS) were found to destabilize and reduce
net charge, suggesting a pathogenic aggregation mechanism. This paper reports analysis
of compiled patient data and experimental and computed protein properties for variants of
human SOD1, a major risk factor of ALS. Both stability and reduced net charge correlate
significantly with disease, with larger significance than previously observed. Using two independent methods and two data sets, a probability < 3% (t-statistical test) is found that ALScausing mutations share average stability with all possible 2907 SOD1 mutations. Most importantly, un-weighted patient survival times correlate strongly with the misfolded/unfolded
protein copy number, expressed as an exponential function of the experimental stabilities
(R2 = 0.31, p = 0.002), and this phenotype is further aggravated by charge (R2 = 0.51, p =
1.8 x 10−5). This finding suggests that disease relates to the copy number of misfolded proteins. Exhaustion of motor neurons due to expensive protein turnover of misfolded protein
copies is consistent with the data but can further explain e.g. the expression-dependence of
SOD1 pathogenicity, the lack of identification of a molecular toxic mode, elevated SOD1
mRNA levels in sporadic ALS, bioenergetic effects and increased resting energy expenditure in ALS patients, genetic risk factors affecting RNA metabolism, and recent findings that
a SOD1 mutant becomes toxic when proteasome activity is recovered after washout of a
proteasome inhibitor. Proteome exhaustion is also consistent with energy-producing mitochondria accumulating at the neuromuscular junctions where ALS often initiates. If true, this
exhaustion mechanism implies a complete change of focus in treatment of ALS towards
actively nursing the energy state and protein turnover of the motor neurons.

Introduction
An urgent challenge in biology and medicine is to translate the vast amount of genomic data
now available into phenotypes, preferably by mapping genetic variations via the transcribed
protein properties to organism-level phenotypes. Such a mapping could substantially accelerate
the understanding of disease mechanisms, prospects of early diagnosis, and personalized
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treatments reflecting the specific genotypes of individual patients, and could enable a new era
of “smart” disease management.
Amyotrophic Lateral Sclerosis (ALS) is the most common degenerative disease of the motor
neurons: It initiates within limbs or bulbar muscles and is eventually lethal due to collapse of
muscular breathing function[1][2][3][4]. As other complex late-onset neurological disorders,
no effective treatment exists and current drugs delay disease progression by only some months
[1]. ALS manifests in two forms: Familiar ALS (FALS) with inherited risk genotypes accounts
for *10% of cases and sporadic ALS (SALS) without apparent heritability accounts for *90%
of cases[1][3][5]. Whereas the median age of ALS diagnosis is mid-to-late fifties[1][6], it is
commonly a decade earlier for FALS[3], although very dependent on the variant.
Neurological disorders share molecular pathological features such as deposition of protein
aggregates, metal dyshomeostasis, mitochondrial and oxidative stress, inflammation, and apoptosis[7][8][9] and the aging phenotype is central to disease manifestation, which is aggravated
by multiple genetic, life-style, and environmental risk factors[9][10]. Thus, a spectrum of phenotypes exist even in families sharing the same genetic risk variant.
Genetic risk factors constitute the primary framework for understanding disease mechanisms[5]. Up to 2/3 of the FALS cases correlate with variations in *15 genes[1][5], the two
most important being Superoxide Dismutase 1 (SOD1, explaining 10−15% of FALS cases[1][3]
[5][11]) and the hexanucleotide repeat expansion in open reading frame 72 on chromosome
9 (C9ORF72), explaining up to 40% of FALS cases in Europe and North America[12]. The first
was identified twenty years ago[13] and the latter only identified in 2011[14][15]. SALS also
has some (*10%) genetic background[5][16]. Both SOD1 and C9ORF72 have roles also in
SALS[12,14], and recently identified genetic risk factors point to roles of RNA metabolism
(TAR-DNA binding protein 43[17], FUS[18][19]) and protein processing (SQSTM1[20], VCP
[21]) in the disease[5].
As a systemically important, highly expressed and stable protein, the knowledge of SOD1 is
substantial, making it a central framework for understanding ALS[11]. Also, the severity of
some SOD1-variants such as A4V suggests that SOD1-variants are likely to reveal pathogenic
insight. The protein, shown in Fig. 1, is one of three human SOD isoforms that protect against
oxidative stress caused both by exposure and the mitochondria's normal secondary production
of O2- [22][23]. SOD1 is a homo-dimer consisting of two β-barrel (Greek key) monomers with
Cu and Zn in the active site. SOD1 performs two half-reactions in a catalytic cycle that oxidizes
two toxic superoxide radicals O2- to one molecule of O2 and one H2O2, while the catalytic
metal ion Cu shifts between oxidations states I and II[22][24].
The variants causing FALS are found across the protein[22][25]: Fig. 1 shows all sites representing variants with known ALS patient data, as collected in this work (only shown for one
subunit for clarity) mapped on the high-resolution structure 2C9V.pdb[26]: Red colors represent age of onset < 55 years, green > 55 years, and yellow mixed phenotypes. As seen, the sites
and colors spread across the entire protein, i.e. there is no clear relationship between pathogenicity and structural location (full data in S1 File). The commonly cited 2−3[5] years of survival
time covers a spread from less than a year to *20 years (see data later in this paper), providing
enlightening variability in phenotypes that facilitate genotype-phenotype analysis.
Mice without wild-type SOD1 do not normally develop ALS[1], and FALS is autosomal
dominant[11], i.e. presence of wild-type SOD1 in heterozygotes does not prevent FALS as seen
from co-expression[27]. Thus, SOD-1 mutants are considered to gain an unknown toxic function[1][3][22] relating to e.g. redox toxicity or toxic aggregation, although the specific toxic
mechanism and species have not been identified[28][29][30]. Several reports found that instability of SOD1 variants correlates with disease severity[31][32][33] and many SOD1 mutations
do reduce stability[22][34][35], consistent with pathogenic aggregation. However, average
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Fig 1. 64 Sites in human SOD1 subject to 77 missense variants for which patient age of ALS onset t(o) has been reported, out of 150 variants
studied in this work. A) seen from the dimer longside perspective. B) seen from the end perspective. Sites are marked in ball-and-stick on the protein
structure (2C9V.pdb[26]) according to t(o) < 55 (red), t(o) > 55 (green), or sites with variants showing phenotypes with both t(o) > 55 and t(o) < 55. See
Table I in S1 File for details. Figure made with ViewerLite 4.2, Accelrys.
doi:10.1371/journal.pone.0118649.g001

instability is expected, as a typical mutation destabilizes by *1 kcal/mol[36]. Some ALS-causing SOD1 mutations do not reduce stability of the aggregation-prone apostates, but may still
increase aggregation propensity due to e.g. changes in hydrophobicity or net charge[29][33]
[37], although data from 13 ALS-causing variants correlated poorly with disease duration[38].
Aggregation propensity was found to relate to disease duration but not significantly (p = 0.14,
R2 *0.23) and not with age of onset[37]. Misfolding is coupled to metal release[25][39], and
mutations may reduce metal content[40][41] to destabilize the holoprotein but not the apoprotein. Still, experimental holodimer and apomonomer stabilities are highly correlated (R = 0.83)
[42], so state-specific effects constitute only part of the picture, importantly undermining the
idea of one particular (i.e. state-specific) toxic protein species.
In this work, the latest reported patient data and experimental and computed biochemical
properties of SOD1 variants have been collected and analyzed for 150 missense mutations, including 77 variants with patient data and 30 with experimentally known stabilities. Using the
expanded data set, stability and charge correlate strongly with disease phenotype, even more
strongly than previously found[33]. Second, by using a new approach that computes directly
the stability of all possible mutations in the protein and compares these with the stabilities of
the disease-related mutants, a new statistical test is provided that shows that stability is a significant factor at the 97% confidence level. Third, it is shown that patient phenotypes correlate
more strongly with the copy number of misfolded proteins derived directly from experimental
stabilities without parameterization than with stability itself as previously investigated, providing the strongest correlation so far identified from un-weighted data. Based on this, a new
mechanism of neurodegeneration resulting from general exhaustion of motor neurons is suggested that can reconcile a range of observations and provide a completely new framework for
researching and treating ALS and possibly other neurodegenerative diseases.

Methods
Collection of data
Experimental free energies of folding (ΔΔG) were collected from Vassal et al.[38], Nordlund
et al.[43], Lindberg et al.[32], Stathopulos et al.[44], and Byström et al.[29] SOD1 variants
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causing ALS and their associated patient data were collected from the compiled data from the
ALS online genetics database[45] and from Wang et al.[33] after removing redundant data.
Additional phenotype data were collected for recently studied variants such as K3E[46], V31A
[47], R115C[48], C7W[49] and several others: Table I of the S1 File shows the compiled stabilities and patient data of SOD1 variants with references. In total, 150 single-site missense mutations (non-synonymous substitutions) were compiled, of which 77 variants have associated
patient data, providing the most complete ALS-SOD1 data base yet studied.

Nature and heterogeneity of collected data
Heterogeneity of phenotype data is a major issue in genotype-phenotype correlations for lateonset multifactor diseases such as neurological diseases, because the risk modifiers from other
genes, life style, and environment increase data noise[9]. Also, to put the data into clinical context, one should consider the frequencies of each variant and its overall vs. regional contribution to disease.
Regional dependence demonstrates the role of additional risk modifiers: The frequency of
variants is highly region-dependent, with the large frequencies of A4V seen primarily in the
United States. In recent analysis, 92 out of 1220 ALS cases in the United States had SOD1 mutations (ALSSOD)[50]. Of these, 39 (42%) were A4V and 9 (10%) were I113T. Review of patient data from Alberta, Canada suggested that I113T is also common in this area, with 11
independent observations out of 47 SOD1 variants identified, whereas A4V did not show up
[51], revealing substantial regional dependence.
Also, major heterogeneity in reported patient phenotypes exists (Table I of S1 File). Despite
the heterogeneity and large standard deviations, significant genotype-phenotype correlations
were previously identified after weighting data according to the number of patient observations
n[33]. There are various ways to reduce noise in a data: The statistically simple one is to de-emphasize data with too large spread or to small n, since a few observations are most likely insignificant, as seen e.g. from the heterogeneous data reported from families of only two affected
members[52]. The previously used approach of weighting data by n partly solves this problem
[33]. However, due to the very large spread in n, such weighting reduces correlation to effectively only the very most abundant variants such as A4V, H46R, E100G, and I113T (n > 50,
see Table I in S1 File) at a drastic loss of information for the many low n phenotypes.

Analysis of data
Patient data for both age of onset, t(o), and survival times, t(s), were analyzed, together with
age of death, t(d) = t(o) + t(s). t(o) is affected by uncertainties in time of diagnosis (i.e. when
did symptoms actually begin). Also, some variants reflect late-onset but rapid disease progression, which some researchers might characterize as severe, others as mild. However, as age increases, the general fitness of the patient will play a role, and risk modifiers will play out
strongly in the total phenotype. Thus in principle, a survival time t(s) of 2 years after an onset t
(o) at 60 years is not as severe as it would be if the patient had t(o) = 50 years. In contrast,
early-onset, long-duration phenotypes could be classified as severe if only t(o) was used, even if
the duration postpones death beyond other late-onset variants. Thus, it is of interest to also
study a third phenotype, t(d) = t(o) + t(s), as this measure potentially resolves some of
these complications.
These patient data were correlated against collected experimental stabilities, computed stabilities (see below), and the following additional computed properties: Changes in net charge,
hydrophobicity, beta and alpha propensities and logarithms thereof (to convert into free energy
scale), and any of these weighted by their solvent accessible surface of the mutated site, since
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any pathogenic property might depend on its solvent exposure. Correlations were carried out
linearly and with logarithms, and subjected to regression analysis. Statistically significant correlations were reported with correlation coefficients and p-values.

Computing the misfolded copy numbers resulting from SOD1 variants
Due to the strong correlations found between patient data and SOD1 stability and charge, and
the implied absence of simple state-specific toxicities, an alternative systemic pathogenic model
was investigated. We have recently described a proteostatic maintenance model that can explain a range of trends in properties of proteomes suggesting selection to minimize proteostatic
costs, since energy spent on the proteome makes up a large fraction of the total energy budget
of cells[53]. The proteostasis of protein i can be described by the simple kinetic model[53]:
ks

k1i

kd

mRNAi!Fi Ð Ui!Di
i

k2

i

ð1Þ

i

Here, Fi is folded protein copies, Ui is unfolded copies, and Di are degraded peptide fragments,
with respective kinetic constants. Since ksi is constant, it requires higher expression rate per
time unit. For an abundant protein, this cost may exhaust motor neurons already stretched by
other energy demands. The cellular maintenance energy (in J s-1) allocated to one protein i per
time unit can be estimated using the equation by Kepp and Dasmeh[53] (please notice that the
original equation has a factor 2 error that does not affect the model):
!
1
 i  kdi Naai ðCsi þ Cdi Þ
ð2Þ
dEm ∕ dt ¼ Ai
1 þ exp DG
RT
This equation also deﬁnes proteostatic exhaustion as an increase in the energy required to
maintain proteostasis, primarily caused by increased turnover costs. In this equation, Ai is the
total protein abundance, ΔGi is the stability, and Naai, Csi, and Cdi are the number of amino
acids in protein i and the average synthetic and degradation cost (in units of J) per amino acid
in protein i[53]. The four parameters KdiNaai(Csi + Cdi) were simplied as one constant, ci = 10-7,
a reasonable value derived for protein turnover. This maintenance cost can be shown to act di

1
rectly on the amount of misfolded protein, since Ui ¼ Ai 1þexp ΔGi . Any change in energy
ð RT Þ
costs is therefore proportional to ΔUi, which can be computed form experimental stabilities of
the variants. This expression was used to compute dEm/dt for both wild-type and SOD1 variants. Realistic values of Ai and ΔGi/RT were chosen to be 100,000 and −25. Importantly, these
constants do not affect the statistical correlation which depends only on the relative change in
cost: This phenotype is a function of the stability, and thus, contains no adjustable parameters
and the same accuracy as the experimental stabilities.

Calculation of variant stabilities
To enable a statistically significant assessment of the role of protein stability and charge in
ALS, these properties were computed for all the 150 SOD1 variants including the 120 where experimental stabilities are not available. For this purpose, two methods were used, POPMUSIC
2.1 [54][55] and I-MUTANT 2.0 [56][57], which provide accurate descriptions of the stabilities
of SOD1 mutants, compared to several other methods[42]. The structure used for calculation
was the high-resolution structure 2C9V.pdb[26], which produced accurate stabilities in recent
work[42]. Importantly, although local variations will occur when using distinct crystal
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structure templates, the results obtained with these two methods are generally structure-insensitive compared to other stability calculators[42].
Human protein variants represent arising mutants that on average have certain characteristics such as destabilizing tendency, since they mostly impair the fitness-optimal properties of
the wild type. This bias will affect genotype-phenotype correlations and should thus be considered by comparing disease-causing variant properties against not just the wild type but also the
full background of all possible mutations. With the advent of fast protein property calculators,
such a procedure is now feasible. This work explains how they can be used to substantially increase the significance of genotype-phenotype correlations due to i) large numbers compared
to experimental data, and ii) cancellation of systematic errors in computation when comparing
variant sets. In SOD1, the full background set amounts to 2907 mutations (19 x 153) that were
previously computed with POPMUSIC for matters of calibrating computational methods[42].
When comparing the distributions of property changes of the disease variants against all possible variants, a student’s t-test can be performed on the distributions to investigate the null hypothesis that the distribution means are identical. This type of analysis provides a useful tool
for genotype-phenotype correlation analysis that compliments linear regression analysis.

Results and Discussion
General trends in patient data of SOD1 variant carriers
Table I in S1 File shows the compiled data for 150 missense substitutions in SOD1. For each
mutation, the classification of the site as beta sheet, metal-binding region, or cysteine bridge region is given, together with the solvent-accessibility of the mutated site calculated by POPMUSIC2.1 (using the high-resolution structure 2C9V.pdb[26]), the experimental monomer or
dimer free energy changes relative to the wild type, if available, the number of patients n from
whom the phenotype is estimated, and the phenotypes of age of onset t(o), survival time t(s),
and age of death t(d), all in years.
The total number of patients n is 1053. However, due to the large variations in frequencies
of the variants, some variants contribute highly to these data, with four variants having n > 50:
A4V (212), H46R (70), E100G (54), and I113T (53). The statistical significance of the phenotype estimates is very dependent on n, but also depends on the severity of the variant, with
more severe variants having less variable disease durations, as other risk factors play a reduced
role in these cases. Also, in some reports, only t(o) is reported since patients have not been
monitored until death. These 36 onset ages are not analyzed further in this work but are reported in S1 File for completion.
When weighting each variant’s phenotypes with their observed frequency share of the
remaining 1017 observations, one obtains the following averages for SOD1-associated ALS:
t(o) * 47.5 years, t(s) * 5.8 years, and t(d) * 53.3 years. If one considers the variant average
without weighting by the frequency of each variant, the numbers would be quite similar:
t(o) *47.4 years, t(s) *5.5 years, and t(d) *53.6 years. These data can be compared with
the SALS figures of t(o) * 58 years, showing that on average, SOD1 variants reduce t(o) by
roughly 10 years.

Changes in SOD1 stability and net charge correlate with ALS patient
survival times
Fig. 2 shows the correlation between disease phenotypes t(s) and t(d) and experimental stability
changes (ΔΔG) of holodimers with or without account for charge variation, for the 30 variants
where experimental stabilities are available (numerical data are given in S1 File). The
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Fig 2. Patient survival time and age of death vs. stability and charge changes. Correlation between (A)
average survival time or (B) age of death (in years) of ALS patients carrying any of 30 SOD1 variants vs. the
corresponding experimental stability changes (kcal/mol). (C) average survival time and (D) age of death
correlated against combined stability and net charge changes.
doi:10.1371/journal.pone.0118649.g002

comparison for t(s) in Fig. 2A is an updated version of the analysis previously done by Wang
et al. using 28 data points[33], now augmented with additional patient data.
Notably, disease onset t(o) did not correlate with stability changes, as also found previously
[33]. However, as previously reported, disease duration t(s) correlates significantly with the experimentally measured stability change of the dimer SOD1 (R2 * 0.22, p * 0.0081, standard
error *5.2 years, Fig. 2A). With the new data available used, this correlation is considerably
strengthened compared to the previously reported R2 *0.12 (R = 0.34) for un-weighted data
(the correlation increases if data are weighted by n, as mentioned in the Methods section[33]),
and now the correlation is significant at the 95% confidence level, which it was not previously.
Furthermore, also the age of death t(d) = t(o) + t(s) correlates significantly with stability increases (R2 * 0.17, p * 0.024, standard error 7.5 years, Fig. 2B). Thus, the present analysis reveals the first statistically significant correlations at the 95% confidence level for un-weighted
ALS patient data, showing clearly the importance of protein stability in SOD1 pathogenicity.
Furthermore, charge has previously been found to be an important co-determinant of pathogenicity of SOD1 variants[29][33][37]. To appreciate this, correlating the sum of ΔΔG and
the change in net absolute charge │ΔQ│of the SOD1 variant markedly improved correlation
vs. t(s) without any parameterization (R2 * 0.34, R = 0.58, p * 0.00080, standard error *4.9
years, Fig. 2C) with t(d) correlations being similar (Fig. 2D). If this two-property linear fit is optimized (ΔΔG + 1.7ΔQ), R2 increases to 0.37. Thus, this analysis, using updated patient data
without any weighting substantially strengthens previous conclusions that both protein stability and net absolute charge play major pathogenic roles in SOD1-associated ALS. Whereas a
positive ΔΔG increases the tendency of the protein to misfold and unfold, reductions in net
negative charge of SOD1 are likely to increase aggregation propensity, as evident e.g. from the
work by Chiti and Dobson et al.[58]
A final observation from the analysis summarized in Fig. 2 is that the mild phenotypes are
responsible for most of the outliers, with a triangular shape of outliers observed in all four
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regression plots. This documents a “mild-phenotype” noise effect that should be considered in
future studies of late-onset diseases such as neurological diseases. The most likely explanation
for this effect is that mild phenotypes arise from genetic variants with a smaller contribution to
the total risk (which, in general, is a sum of genetic, environmental, and life-style risk factors),
thereby increasing the noise from other risk modifiers, both genetic and non-genetic.

Significant destabilization in known SOD1 variants vs. the mutation
background
The limited number of mutants with experimentally measured stabilities prevent a full-scale investigation of the role of stability across known SOD1 variants. Furthermore, mutations are on
average likely to be destabilizing by at least 1 kcal/mol[36], so it is relevant to investigate the
stability of ALS-causing SOD1 variants in the context of the “expected” stability change of a
random SOD1 mutation.
To obtain such an estimate, we used two methods, POPMUSIC 2.1 and I-MUTANT 2.0, recently shown to provide the most accurate descriptions of stabilities of SOD1 mutants with experimentally available stabilities [42]. For the mutations studied in this work, the correlation
coefficient between POPMUSIC and experiment is 0.52 (R2 = 0.27). Furthermore this increases
to 0.70 (R2 = 0.49) if only one outlier is removed (the A4V variant with the large experimental
destabilization energy of 4.3 kcal/mol; see S1 File).
While computational methods are generally subject to substantial errors[42], comparison of
relatively large data sets computed by the same method will reduce systematic errors and,
using the correct physics that is present in the models, provide a strong tool for estimating the
significance of a potentially pathogenic property against the total mutation background. This
mutation-background test has not been applied before and is a valuable compliment to linear
regressions. The MAEs of POPMUSIC and I-MUTANT are approximately 1 kcal/mol [42]
and smaller when the systematic error is removed by comparison of the two variant sets. Second, errors in individual site calculations will be less important because data for all variants can
be calculated. One can then use Student’s t-test for comparing the two distributions, providing
a further test of pathogenic hypotheses.
Similarly, ΔQ for all possible mutations was computed from the possible changes based on
existing charges of amino acids (e.g. 30 mutations would reduce charge by two, corresponding
to D or E substitutions of one of the 15 positively charged sites. There are 117 neutral sites, giving 11715 = 1755 mutations with ΔQ = 0 from these, + 15 and 21 from the positive and negative sites. In total, 1791 mutations do not change charge, 474 decrease it by 1, 570 increase it by
1, 30 decrease by 2, and 42 increase by 2). These values of ΔQ provide a background distribution for comparison to the ΔQ values observed for ALS-related mutations.
Fig. 3 shows the result of comparing the change in charge (ΔQ), stability (ΔΔG), or both, for
all 150 variants (blue) against the background distribution of all possible 2907 SOD1 mutations
(red). As seen, the ΔQ distributions are similar with a small tendency towards reduced net
charge in the reported SOD1-variants. In contrast, ΔΔG computed with both POPMUSIC
(Fig. 3B) and I-MUTANT (Fig. 3D) differ significantly from expectation and are shifted towards less stability. When ΔQ and ΔΔG are considered together, this picture prevails (Fig. 3C
and 3E). Since this result is obtained with two distinct methods, it further documents the robustness of the mutation-background test. From POPMUSIC, the average stability of the 150
SOD1-variants is 1.21 kcal/mol vs. 1.05 kcal/mol for all possible mutations. From I-MUTANT,
these numbers are 1.10 kcal/mol and 0.91 kcal/mol, showing the same tendency. With both
methods, the stabilities of reported SOD1 variants differ significantly at the 95% confidence
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Fig 3. Putative ALS mutations vs. all possible mutations. Distributions of all 150 known missense SOD1
mutations relating to ALS (blue) vs. background distributions of all 2907 possible missense mutations (red).
(A) charge change from sequence (ΔQ); (B) free energy change (ΔΔG) computed with POPMUSIC; (C) ΔΔG
computed with IMUTANT; (D) free energy (IMUTANT) plus charge change; (E) free energy (POPMUSIC)
plus charge change.
doi:10.1371/journal.pone.0118649.g003

level from the expected background stability (t-test, two-tailed, non-equal variances). These
data are compiled in Table 1.
Since the conclusion drawn above could depend on the choice of the 150 variants, the same
analysis was performed with the 60 variants for which ALS clinical phenotypes have been confirmed for at least 3 persons (n  3). The results, shown in Fig. 4, are fully consistent with the
general picture found for all 150 variants, with the notable difference that the 60 documented
ALS-causing variants show a further reduction in stability of 0.08−0.11 kcal/mol relative to the
mutation background, having average ΔΔGs of 1.32 and 1.18 kcal/mol according to POPMUSIC and I-MUTANT, respectively. These findings are highly significant (p = 0.021 and 0.0058
for the POPMUSIC and I-MUTANT analysis, respectively).
Thus, even while mutations generally tend to destabilize, the observed stabilities of reported
SOD1 variants are significantly lower than the 2907-mutation background of SOD1, and this
effect is emphasized further in the confirmed ALS-causing variants where patient data are
available. In conclusion, by using two different statistical tests, one for linear regression and
one for comparison of distributions, it is shown that reduced stability and net charge correlate
with ALS pathogenicity at the 95% confidence level, the strongest evidence so far reported for
their implication in ALS.

Systemic and non-specific causes of ALS: The role of protein expression
As described above, using compiled patient data and both experimental and computed protein
properties, this work establishes protein stability and charge as major pathogenic properties of
ALS, with statistical support from two different analyses at the 95% confidence level without
any weighting of raw data. As evident from the location of ALS-causing mutations (viz. Fig. 1),
the structural context is relatively unimportant, as also implied by the high correlation of
dimer and monomer experimental stability data [42]. Thus, specific local modes of molecular
action are not likely to cause disease. Instead, the global properties of protein stability and
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Table 1. Statistics after test for same mean of ALS-causing SOD1 mutations and all 2907 possible mutations (student’s t-test, two-tailed,
different variances).
POPMUSIC 2.1

I-MUTANT 2.0

All reported 150 mutations

All possible 2907 mutations

All reported 150 mutations

All possible 2907 mutations

avr ΔΔG (kcal/mol)

1.21

1.05

1.10

0.91

variance (kcal/mol)

0.78

1.15

0.60

0.81

p-value

0.030

—-

0.0051

—-

60 mutations with n  3

—-

60 mutations with n  3

—-

avr ΔΔG (kcal/mol)

1.32

—-

1.18

—-

variance (kcal/mol)

0.74

—-

0.52

—-

p-value

0.021

—-

0.0058

—-

doi:10.1371/journal.pone.0118649.t001

aggregation tendency (as implied by net protein charge) explain patient data. Furthermore, the
late-onset multi-risk nature of ALS points to some systemic mechanism at play that has previously been overlooked. The question then naturally arises: How does protein destabilization or
aggregation become pathogenic if not by a structurally distinct toxic molecular mechanism?
SOD1 is one of the most abundant proteins in humans, and particularly expressed in energy-requiring cells such as neurons and motor neurons that have high mitochondrial respiration
levels and thus, high production of superoxide [22][23]. Given this systemic role of SOD1,
other disease mechanisms than commonly discussed toxic molecular species per se might
be envisioned.
Some hints to a systemic disease mechanism come from the apparent inconsistencies in
SOD1 expression data: Higher SOD1 activity has been observed in transgenic mouse models
due to overexpression, whereas many SOD1 variants in fact have reduced specific activity[59].
A central, but apparently overlooked observation from multiple studies is that at high

Fig 4. Confirmed ALS mutations vs. all possible mutations. Distributions as in Fig. 3, but based on the 60
SOD1 mutations with known patient data relating to ALS (blue) vs. background distributions of all 2907
possible missense mutations (red). (A) charge change from sequence (ΔQ); (B) free energy change (ΔΔG)
computed with POPMUSIC; (C) ΔΔG computed with IMUTANT; (D) free energy (IMUTANT) plus charge
change; (E) free energy (POPMUSIC) plus charge change.
doi:10.1371/journal.pone.0118649.g004
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expression levels, co-expression of wild-type-SOD1 with A4V[60], G85R[61], and G93A[62]
variants in fact aggravate pathogenicity. However, at lower expression levels, in the study by
Bruijn et al.[27] similar mouse survival was measured for G85R carriers on a normal wildtype-SOD1 background and on a knockout- wild-type background, i.e. wild-type-SOD1 did
not affect the G85R phenotype significantly. These data are consistent with gain of toxic function but also clearly show expression-dependence and that wild-type and mutant both aggravate toxicity at high expression levels: These observations are currently unexplained.

Proteostatic exhaustion from misfolded SOD1 turnover can explain ALS
patient data
The apparently contradictory observations requires a mechanism that, in the limit of high expression levels, has protein copy number as an important pathogenic property. The steadystate copy numbers of misfolded and folded proteins can be estimated directly from cell-specific and protein-specific parameters, and more importantly, the cellular energy cost of handling
a protein scales linearly with the total copy number of misfolded proteins[53]. Thus, protein
overexpression rather than any specific molecular toxicity is a plausible cause of ALS: If SOD1
is overexpressed and destabilized, higher turnover of degradation-prone proteins variants and
higher steady-state copy numbers will increase proteostatic maintenance costs[53].
From this mechanism, the pathogenicity of a protein variant depends on its combined proteostatic burden, which depends on its degradation and synthesis costs, its turnover rate, and
notably, on the amount of misfolded protein which can be estimated from the thermodynamic
stability. This energetic burden is expressed in a simple form by Equation (2). The simple turnover Equations (1) constitute a minimal framework required to explain these costs. The more
general situation is given in Fig. 5, which accounts for the most important processes of SOD1
turnover. This larger scheme is required if one is to understand the mechanistic context of all
the genetic risk factors associated with the neurological disease, as some genetic risk factors affect the RNA turnover and others the protein pool.
When using Equation (2) directly as a framework for understanding neurodegeneration, reduced protein stability as well as expression levels directly increase dEm/dt. Equation (2) takes
the form of an energy cost that scales linearly with the number of misfolded proteins Ui, and at
steady state, this number can be derived from the stability, if other variant properties do not
change significantly. The relative cost of a protein variant can be directly studied by this model
by comparing dEm/dt of variant and wild type, to estimate the increase in proteostatic cost associated with the variant[53].
To estimate the role of proteostatic energy in ALS, Equation (2) was used to compute The
misfolded copy numbers Ui before and after mutation at steady state, and from these, dEm/dt
for each SOD1 variant for which experimental ΔΔG is available, by using Ai = 100,000 and the
wild type stability of ΔG/RT = −25 (See Table IV in S1 File for numerical data). Importantly,
these numbers do not affect the correlation statistics, which only depend on the relative values
of Ui from the exponential function of ΔΔG multiplied by the constants in Equation (2). As
seen from Table IV in S1 File, for the more destabilizing variants, the misfolded copy numbers
increase by more than 1000-fold. This calculation reveals the burden of misfolded proteins inside a typical cell expressing a highly destabilizing SOD1 variant even if total copy numbers Ai
are unaffected. From these changes in Ui associated with a variant, the energy cost is estimated
from Equation (2) using a conversion constant ci = 10-7, which is a realistic typical value derived previously from cell-specific turnover data such as life time, synthetic cost, and degradation cost[53].
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Fig 5. Kinetic scheme describing processes involved in SOD1 proteostasis. Both the RNA pool and the
protein pool contribute to proteostatic costs and can thus both involve risk factors in a proteostatic
exhaustion mechanism.
doi:10.1371/journal.pone.0118649.g005

The results of these calculations excluding or including charge are shown in Fig. 6. It can be
seen that mild phenotypes remain outliers in the data (notably the variant I104F with a reported t(s) of 21.3 years), which is expected. However, converting stabilities into misfolded
protein copies via Equation (2) reveals a substantially stronger and highly significant correlation (R2 = 0.31, p = 0.002) to patient survival times than stability alone. If charge is included in
the regression, this correlation is substantially further improved, providing the strongest twoproperty correlation to un-weighted patient data so far observed (R2 = 0.51, p = 1.8 x 10-5).
This analysis shows that protein misfolding diseases such as ALS are not necessarily caused
by specific molecular toxicity of misfolded protein species, but possibly by systemic exhaustion
due to elevated protein turnover. This mechanism could explain why identification of such malicious protein states has so far been unsuccessful[1][4][9].

Recent findings are explained by the exhaustion mechanism of neurodegeneration
Many recent discoveries are consistent or can be directly explained by the exhaustion mechanism proposed in this paper.
1. First, it has been established that ALS patients early in their disease histories experience significantly increased resting energy expenditure that is currently not understood[63],[64].
This finding is directly explained by the proposed mechanism, where pathogenicity is due
to motor neuron exhaustion by elevated proteostasis costs, as demonstrated by the increased
costs of SOD1 variants in Fig. 6.

Fig 6. Correlation of survival times t(s) of ALS patients vs. the change in proteostatic energy cost
associated with SOD1 variants from Equation (2). (A) without and (B) with charge changes included.
doi:10.1371/journal.pone.0118649.g006
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2. Second, SOD1 mutants have been found to significantly impair mitochondrial respiration
[65][66] and cause metabolic abnormalities[67]. These observations suggest an energetic
role of these mutants on ALS pathogenesis, consistent with a mechanism of motor neuron
degeneration resulting from energy shortage[68].
3. Third, recently identified genetic risk factors, notably the most important one, the
GGGGCC hexanucleotide repeat expansion in an open reading frame on chromosome 9,
C9ORF72, accounts for a large fraction of ALS and is most likely associated with abnormal
RNA processing and transcriptional inefficiency[14]. Other recently identified genetic risk
factors also affect RNA metabolism (TAR-DNA binding protein 43[17][69], FUS[18][19])
or protein processing (SQSTM1[20], VCP[21]). Also, TDP-43, a risk factor in ALS, has
been suggested to modulate SOD1 levels[70]. Proteostatic exhaustion as the pathogenic
mechanism of neuro-degeneration fits well with these observations acting both on mRNA
and protein pools (Fig. 5), since inefficiency in the mRNA turnover would increase costs of
maintaining the steady-state mRNA pool, thus increasing the total maintenance costs of the
motor neurons.
4. It has also been recently found that SOD1 mRNA levels in SALS are significantly elevated
(by *30% on average) whereas protein SOD1 levels are roughly similar to controls[71].
This is consistent with transcriptional inefficiency and increased costs of maintaining the
mRNA pool. Decreased stability increases costs of SOD1 variant turnover that correlate
strongly with disease onset, using unchanged total Ai (i.e. SOD1 levels), as seen in Fig. 6.
This correlation relates to the SOD1-related FALS cases, whereas elevated costs of handling
the mRNA pool then relate to some SALS cases, although SALS pathology has also been
found to involve misfolded wild-type SOD1 protein forms[72][73].
5. Wild-type SOD1 knock-out mice do not show ALS-like pathology under normal circumstances[4]. Normally this is interpreted as a proof of a gain of toxic function. However, overexpression of wild-type-SOD1 alone does produce motor deficits although to a smaller
extent than mutants[74]. These observations are explained by proteostatic exhaustion: Each
wild-type copy is less degradation prone than destabilized SOD1 variants but still, high expression increases turnover costs even for the same thermodynamic stability, viz. Ai in
Equation (2). In contrast, knock-out mice cannot express SOD1 and therefore will not be
subject to proteostatic exhaustion.
6. There is a critical experiment that can test the validity of the proposed exhaustion model vs.
the prevailing “molecular toxicity” model: Expression of SOD1 variants with and without
protein turnover. If the proteasome is inhibited in cells expressing SOD1 variants, disease
would be aggravated according to the molecular toxicity model, because more toxic misfolded proteins would be available. However, according to the proteome exhaustion model,
the disease would be relieved at least to some extent while the cost of protein turnover is reduced to enable normal cell function.
Importantly, such an experiment was performed in 2014: It was shown that the toxicity of
the G85R mutant of SOD1 is small under normal conditions and during inhibition of the
proteasome, but when proteasome activity is recovered after washout of the proteasome inhibitor MG132, soluble oligomers of mutant SOD1 correlated strongly with cytotoxicity
[75]. This finding is explained by the present exhaustion mechanism: As mutant protein
oligomers accumulate, protein degradation becomes increasingly expensive and cause cell
death. Proteasome inhibition can lead to several-fold higher levels of SOD1[76]. This would
aggravate disease if the protein copies were toxic by themselves, but will reduce the cost of
mutant turnover and rescue the cells if proteome exhaustion causes disease. Recently,
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functionally impaired variants of Ubiquilin-2 have been implicated as a risk factor in ALS
[77]. As a central link to the proteasome-mediated degradation of proteins, these findings
are consistent with the exhaustion mechanism.
7. Recently, it was shown that treatment of transgenic G37R SOD1 mutant mice with a copper
complex increases the steady-state concentration of the expressed mutant SOD1 but also
improves motor function and life span[78][79]. It was found that the copper supplement increases the amount of holo-SOD1 due to enhanced metal incorporation. The authors concluded that metal supplements specifically directed towards SOD1 could be a useful
therapy. This is consistent with a disease mechanism acting on misfolded proteins (Fig. 6):
Rescue of the folded holodimer can then reduce the degradation-targeted misfolded SOD1
pool (U), to improve survival by reducing turnover costs by increasing the amount of folded
protein (F).
Some SOD1-mutations reduce metal content to the effect of destabilizing the holoprotein,
but in some cases not the apoprotein[40][41]. Since protein misfolding is generally related to
metal release[25][39], these mutations, even if they do not destabilize the apoprotein, may be
pathogenic for the same reason as the apoprotein-destabilizing mutations: They would increase
the pool of non-native apoprotein targeted for degradation, and thus, increase the burden of
protein turnover. This may explain why metal-imbalance in the form defined recently (i.e.
metal redistribution by loss of functional bound M(II) pool but concomitant enrichment of
free chelatable M2+ pool [9]) can cause neurological disease, since the turnover of abundant
misfolded apoproteins will increase the cellular maintenance energy.

Concluding remarks
Genotype-phenotype relationships are a major focus area of modern biology, promising improvements in our molecular understanding of disease, diagnostic tools, and personalized therapies. Amyotrophic Lateral Sclerosis (ALS) is an excellent test case of such relationships, with
many data available for pathogenic variants of superoxide dismutase 1 (SOD1). In this work,
we show the power of such approaches in the quest for disease mechanisms.
Why are neurodegenerative diseases mostly sporadic and have late onset and multiple risk
modifiers, including variations in several proteins and non-coding parts of DNA? And yet why
do they all associate with protein misfolding, metal dyhomeostasis, metabolic deficiencies, mitochondrial pathologies, and oxidative stress? Why are disease-causing variants spread across
the entire protein structure? These facts indirectly point to a systemic impairment of the cells
subject to disease. The present work suggests that pathogenesis works strongly via the misfolded protein copies. Both the widely assumed mechanisms of toxic misfolding or aggregation
and a general increased energy cost of SOD1 turnover are consistent with these data but only
the latter proposed mechanism may also explain several other observations relating to RNA
metabolism and bioenergetic effects, as noted above.
When the organism is subject to aging, protein expression levels associated with metabolic,
stress, DNA repair and other maintenance controls increase[80]. Since age is the dominant risk
factor of late-onset diseases, this aging phenotype needs to be addressed in pathogenic models.
The exhaustion mechanism is consistent with this basic fact as exhaustion is likely to become
critical when the maintenance costs are increased by aging.
A final question requires answering: Why does ALS occur in the motor neurons, while
SOD1 (or its variants) is expressed throughout the body? To see this, one should consider that
the motor neurons are among the most energy-requiring cells due to the ATP cost of making
action potentials. In a model that emphasizes proteome exhaustion as causing disease, it
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follows naturally that the cells that have high energy demands will be primarily affected. Importantly, the currently existing molecular toxicity model, which emphasizes molecular modes
of toxicity and not energy, does not explain this but would work on any cell type as long as
SOD1 is highly expressed. Accordingly, fatigue-resistant motor neurons are less affected than
other motor neurons[81].
A very recent computational model by Le Masson et al.[82] shows how vulnerable motor
neurons are to energy deficits. While the model does not explain how energy deficits arise, it
nicely demonstrates how reduced ATP availability affects action potentials and ion homeostasis, with depolarization as an ultimate consequence. This work this provides a direct link from
the exhaustion model to the general homeostasis of the motor neurons.
Since the energy is produced by the mitochondria, with the proteome exhaustion model, it
is not surprising that mitochondria accumulate within the neuromuscular junctions, where the
SOD1-FALS is thought to begin[83]. This feature of mitochondrial accumulation is directly explained by the exhaustion model and is (also) not explained by the molecular toxicity model.
The proteostatic exhaustion mechanism may apply also to other protein misfolding-related
neurodegenerative diseases. These diseases share many commonalities: oxidative stress, aggregated protein deposits, metal ion disorder, diabetes-like pathologies, and metabolic disorders
such as impaired glucose utilization[9]. Insoluble aggregates as toxic species are being abandoned[38] in favor of small soluble oligomers in ALS[2][3][4] and Alzheimer’s Disease[9]. According to the present proposed mechanism, this is not due to a toxicity of the oligomers
themselves but rather the fact that these abundant, soluble oligomers are (in contrast to aggregates) targeted by the proteasome, causing proteome exhaustion. In contrast, fibrils and aggregates as found in extracellular deposits are non-pathogenic because they do not contribute to
the turnover pool, and consequently, one may also infer that inclusion bodies and extracellular
aggregates may in fact be ways to protect the cells against the burden of costly
protein turnover.
Although changes in SOD1 mRNA levels have been related to SALS, there are only rare and
partly conflicting data yet on the transcriptional dysregulation in ALS[84]. However, the genetic risk factors recently identified support a mechanism where energy costs from mRNA turnover aggravate disease[14][17][18][19]. Further studies into these complex mechanisms would
help to elucidate the pathogenic mechanisms acting on the mRNA and protein pools, viz.
Fig. 5.

Supporting Information
S1 File. Supporting figures and tables. Contains correlations between computed and experimental ΔΔG (Fig. I); collected data for all 150 SOD1 variants (Table I) with references given at
the end of the file; computed properties of all 150 variants (Table II); experimental data used
for correlation of patient data and stability, charge, and energy cost (Table III); computed copy
numbers of unfolded protein and associated relative energy costs (Table IV).
(PDF)

Author Contributions
Conceived and designed the experiments: KPK. Performed the experiments: KPK. Analyzed
the data: KPK. Contributed reagents/materials/analysis tools: KPK. Wrote the paper: KPK.

PLOS ONE | DOI:10.1371/journal.pone.0118649 March 23, 2015

15 / 19

Proteome Exhaustion May Cause Amyotrophic Lateral Sclerosis

References
1.

Ferraiuolo L, Kirby J, Grierson AJ, Sendtner M, Shaw PJ. Molecular pathways of motor neuron injury in
amyotrophic lateral sclerosis. Nat Rev Neurol. 2011; 7: 616–630. doi: 10.1038/nrneurol.2011.152
PMID: 22051914

2.

Sabatelli M, Conte A, Zollino M. Clinical and genetic heterogeneity of amyotrophic lateral sclerosis. Clin
Genet. 2013; 83: 408–416. doi: 10.1111/cge.12117 PMID: 23379621

3.

Kiernan MC, Vucic S, Cheah BC, Turner MR, Eisen A, Hardiman, et al. Amyotrophic lateral sclerosis.
Lancet. 2011; 377: 942–955. doi: 10.1016/S0140-6736(10)61156-7 PMID: 21296405

4.

Redler RL, Dokholyan NV. The complex molecular biology of amyotrophic lateral sclerosis (ALS). Prog
Mol Biol Transl Sci. 2012; 107: 215–262. doi: 10.1016/B978-0-12-385883-2.00002-3 PMID: 22482452

5.

Renton AE, Chiò A, Traynor BJ. State of play in amyotrophic lateral sclerosis genetics. Nat Neurosci.
2014; 17: 17–23. doi: 10.1038/nn.3584 PMID: 24369373

6.

Cudkowicz ME, McKenna-Yasek D, Sapp PE, Chin W, Geller B, Hayden DL, et al. Epidemiology of mutations in superoxide dismutase in amyotrophic lateral sclerosis. Ann Neurol. 1997; 41: 210–221.
PMID: 9029070

7.

Bourassa MW, Miller LM. Metal imaging in neurodegenerative diseases. Metallomics. 2012; 4: 721–
738. doi: 10.1039/c2mt20052j PMID: 22797194

8.

Shi P, Gal J, Kwinter DM, Liu X, Zhu H. Mitochondrial dysfunction in amyotrophic lateral sclerosis. Biochim Biophys Acta. 2010; 1802: 45–51. doi: 10.1016/j.bbadis.2009.08.012 PMID: 19715760

9.

Kepp KP. Bioinorganic chemistry of Alzheimer’s disease. Chem Rev. 2012; 112: 5193–5239. doi: 10.
1021/cr300009x PMID: 22793492

10.

De Carvalho M, Swash M. Amyotrophic lateral sclerosis: an update. Curr Opin Neurol. 2011; 24: 497–
503. doi: 10.1097/WCO.0b013e32834916a9 PMID: 21725240

11.

Valentine J, Doucette P, Potter SZ. Copper-zinc superoxide dismutase and amyotrophic lateral sclerosis. Annu Rev Biochem. 2005; 74: 563–593. PMID: 15952898

12.

Majounie E, Renton AE, Mok K, Dopper EGP, Waite A, Rollinson S, et al. Frequency of the C9orf72
hexanucleotide repeat expansion in patients with amyotrophic lateral sclerosis and frontotemporal dementia: a cross-sectional study. Lancet Neurol. 2012; 11: 323–330. doi: 10.1016/S1474-4422(12)
70043-1 PMID: 22406228

13.

Rosen DR, Siddique T, Patterson D, Figlewicz DA, Sapp P, Hentati A, et al. Mutations in Cu/Zn superoxide dismutase gene are associated with familial amyotrophic lateral sclerosis. Nature. 1993; 362: 59–
62. PMID: 8446170

14.

Renton AE, Majounie E, Waite A, Simón-Sánchez J, Rollinson S, Gibbs JR, et al. A hexanucleotide repeat expansion in C9ORF72 is the cause of chromosome 9p21-linked ALS-FTD. Neuron. 2011; 72:
257–268. doi: 10.1016/j.neuron.2011.09.010 PMID: 21944779

15.

DeJesus-Hernandez M, Mackenzie IR, Boeve BF, Boxer AL, Baker M, Rutherford NJ, et al. Expanded
GGGGCC hexanucleotide repeat in noncoding region of C9ORF72 causes chromosome 9p-linked
FTD and ALS. Neuron. 2011; 72: 245–256. doi: 10.1016/j.neuron.2011.09.011 PMID: 21944778

16.

Pratt A, Getzoff E, Perry J. Amyotrophic lateral sclerosis: update and new developments. Degener Neurol Neuromuscul Dis. 2012; 2: 1–22.

17.

Sreedharan J, Blair IP, Tripathi VB, Hu X, Vance C, Rogelj B, et al. TDP-43 mutations in familial and
sporadic amyotrophic lateral sclerosis. Science. 2008; 319: 1668–1672. doi: 10.1126/science.1154584
PMID: 18309045

18.

Kwiatkowski TJ, Bosco DA, Leclerc AL, Tamrazian E, Vanderburg CR, Russ C, et al. Mutations in the
FUS/TLS gene on chromosome 16 cause familial amyotrophic lateral sclerosis. Science. 2009; 323:
1205–1208. doi: 10.1126/science.1166066 PMID: 19251627

19.

Vance C, Rogelj B, Hortobágyi T, De Vos KJ, Nishimura AL, Sreedharan J, et al. Mutations in FUS, an
RNA processing protein, cause familial amyotrophic lateral sclerosis type 6. Science. 2009; 323: 1208–
1211. doi: 10.1126/science.1165942 PMID: 19251628

20.

Fecto F, Yan J, Vemula SP, Liu E, Yang Y, Chen W, et al. SQSTM1 mutations in familial and sporadic
amyotrophic lateral sclerosis. Arch Neurol. 2011; 68: 1440–1446. doi: 10.1001/archneurol.2011.250
PMID: 22084127

21.

Johnson JO, Mandrioli J, Benatar M, Abramzon Y, Van Deerlin VM, Trojanowski JQ, et al. Exome sequencing reveals VCP mutations as a cause of familial ALS. Neuron. 2010; 68: 857–864. doi: 10.1016/
j.neuron.2010.11.036 PMID: 21145000

22.

Perry J, Shin D, Getzoff E, Tainer J. The structural biochemistry of the superoxide dismutases. Biochim
Biophys Acta. 2010; 1804: 245–262. doi: 10.1016/j.bbapap.2009.11.004 PMID: 19914407

PLOS ONE | DOI:10.1371/journal.pone.0118649 March 23, 2015

16 / 19

Proteome Exhaustion May Cause Amyotrophic Lateral Sclerosis

23.

Heise K, Puntarulo S, Pörtner HO, Abele D. Production of reactive oxygen species by isolated mitochondria of the Antarctic bivalve Laternula elliptica (King and Broderip) under heat stress. Comp Biochem Physiol Part C Toxicol Pharmacol. 2003; 134: 79–90.

24.

Abreu I, Cabelli D. Superoxide dismutases—a review of the metal-associated mechanistic variations.
Biochim Biophys Acta. 2010; 1804: 263–274. doi: 10.1016/j.bbapap.2009.11.005 PMID: 19914406

25.

Ip P, Mulligan V, Chakrabartty A. ALS-causing SOD1 mutations promote production of copper-deficient
misfolded species. J Mol Biol. 2011; 409: 839–852. doi: 10.1016/j.jmb.2011.04.027 PMID: 21549128

26.

Strange RW, Antonyuk SV, Hough MA, Doucette PA, Valentine JS, Hasnain SS. Variable metallation
of human superoxide dismutase: atomic resolution crystal structures of Cu-Zn, Zn-Zn and as-isolated
wild-type enzymes. J Mol Biol. 2006; 356: 1152–1162. PMID: 16406071

27.

Bruijn LI, Houseweart MK, Kato S, Anderson KL, Anderson SD, Ohama E, et al. Aggregation and motor
neuron toxicity of an ALS-linked SOD1 mutant independent from wild-type SOD1. Science. 1998; 281:
1851–1854. PMID: 9743498

28.

Teilum K, Smith MH, Schulz E, Christensen LC, Solomentsev G, Oliveberg M, et al. Transient structural
distortion of metal-free Cu/Zn superoxide dismutase triggers aberrant oligomerization. Proc Natl Acad
Sci U S A. 2009; 106: 18273–18278. doi: 10.1073/pnas.0907387106 PMID: 19828437

29.

Byström R, Andersen PM, Gröbner G, Oliveberg M. SOD1 mutations targeting surface hydrogen bonds
promote amyotrophic lateral sclerosis without reducing apo-state stability. J Biol Chem. 2010; 285:
19544–19552. doi: 10.1074/jbc.M109.086074 PMID: 20189984

30.

Nishida Y. The chemical process of oxidative stress by copper(II) and iron(III) ions in several neurodegenerative disorders. Monatshefte für Chemie—Chem Mon. 2011; 142: 375–384.

31.

Sato T, Nakanishi T, Yamamoto Y, Andersen PM, Ogawa Y, Fukada K, et al. Rapid disease progression correlates with instability of mutant SOD1 in familial ALS. Neurology. 2005; 65: 1954–1957. PMID:
16291929

32.

Lindberg MJ, Byström R, Boknäs N, Andersen PM, Oliveberg M. Systematically perturbed folding patterns of amyotrophic lateral sclerosis (ALS)-associated SOD1 mutants. Proc Natl Acad Sci U S A.
2005; 102: 9754–9759. PMID: 15987780

33.

Wang Q, Johnson JL, Agar NYR, Agar JN. Protein aggregation and protein instability govern familial
amyotrophic lateral sclerosis patient survival. PLoS Biol. 2008; 6: e170. doi: 10.1371/journal.pbio.
0060170 PMID: 18666828

34.

Proctor E, Ding F, Dokholyan N. Structural and thermodynamic effects of post-translational modifications in mutant and wild type Cu, Zn superoxide dismutase. J Mol Biol. 2011; 408: 555–567. doi: 10.
1016/j.jmb.2011.03.004 PMID: 21396374

35.

Shaw BF, Valentine JS. How do ALS-associated mutations in superoxide dismutase 1 promote aggregation of the protein? Trends Biochem Sci. 2007; 32: 78–85. PMID: 17208444

36.

Tokuriki N, Tawfik DS. Stability effects of mutations and protein evolvability. Curr Opin Struct Biol.
2009; 19: 596–604. doi: 10.1016/j.sbi.2009.08.003 PMID: 19765975

37.

Prudencio M, Hart PJ, Borchelt DR, Andersen PM. Variation in aggregation propensities among ALSassociated variants of SOD1: correlation to human disease. Hum Mol Genet. 2009; 18: 3217–3226.
doi: 10.1093/hmg/ddp260 PMID: 19483195

38.

Vassall KA, Stubbs HR, Primmer HA, Tong MS, Sullivan SM, Sobering R, et al. Decreased stability and
increased formation of soluble aggregates by immature superoxide dismutase do not account for disease severity in ALS. Proc Natl Acad Sci U S A. 2011; 108: 2210–2215. doi: 10.1073/pnas.
0913021108 PMID: 21257910

39.

Leinartaite L, Saraboji K. Folding catalysis by transient coordination of Zn2+ to the Cu ligands of the
ALS-associated enzyme Cu/Zn superoxide dismutase 1. J Am Chem Soc. 2010; 132: 13495–13504.
doi: 10.1021/ja1057136 PMID: 20822138

40.

Hayward L, Rodriguez J, Kim J. Decreased metallation and activity in subsets of mutant superoxide dismutases associated with familial amyotrophic lateral sclerosis. J Biol Chem. 2002; 277: 15923–15931.
PMID: 11854284

41.

Redler RL, Wilcox KC, Proctor EA, Fee L, Caplow M, Dokholyan NV. Glutathionylation at Cys-111 induces dissociation of wild type and FALS mutant SOD1 dimers. Biochemistry 2011; 50: 7057–7066.
doi: 10.1021/bi200614y PMID: 21739997

42.

Kepp KP. Computing stability effects of mutations in human superoxide dismutase 1. J Phys Chem B.
2014; 118: 1799–1812. doi: 10.1021/jp4119138 PMID: 24472010

43.

Nordlund A, Oliveberg M. Folding of Cu/Zn superoxide dismutase suggests structural hotspots for gain
of neurotoxic function in ALS: parallels to precursors in amyloid disease. Proc Natl Acad Sci U S A.
2006; 103: 10218–10223. PMID: 16798882

PLOS ONE | DOI:10.1371/journal.pone.0118649 March 23, 2015

17 / 19

Proteome Exhaustion May Cause Amyotrophic Lateral Sclerosis

44.

Stathopulos PB, Rumfeldt JAO, Karbassi F, Siddall CA, Lepock JR, Meiering EM. Calorimetric analysis
of thermodynamic stability and aggregation for apo and holo amyotrophic lateral sclerosis-associated
Gly-93 mutants of superoxide dismutase. J Biol Chem. 2006; 281: 6184–6193. PMID: 16407238

45.

Abel O, Powell JF, Andersen PM, Al-Chalabi A. ALSoD: A user-friendly online bioinformatics tool for
amyotrophic lateral sclerosis genetics. Hum Mutat. 2012; 33: 1345–1351. doi: 10.1002/humu.22157
PMID: 22753137

46.

Kuźma-Kozakiewicz M, Berdyński M, Morita M, Takahashi Y, Kawata A, Kaida K-I. Recurrent K3E mutation in Cu/Zn superoxide dismutase gene associated with amyotrophic lateral sclerosis. Amyotroph
Lateral Scler Frontotemporal Degener. 2013; 14: 608–614. doi: 10.3109/21678421.2013.812119
PMID: 23898858

47.

Dangoumau A, Verschueren A, Hammouche E, Papon M-A, Blasco H, Cherpi-Antar C, et al. Novel
SOD1 mutation p.V31A identified with a slowly progressive form of amyotrophic lateral sclerosis. Neurobiol Aging. 2014; 35: 266.e1–4.

48.

Tortelli R, Conforti FL, Cortese R, D’Errico E, Distaso E, Mazzei R, et al. Amyotrophic lateral sclerosis:
a new missense mutation in the SOD1 gene. Neurobiol Aging. 2013; 34: 1709.e3–5.

49.

Wang Z, Cai W, Cui F, Cai T, Chen Z, Mao F, et al. Identification of a novel missense (C7W) mutation of
SOD1 in a large familial amyotrophic lateral sclerosis pedigree. Neurobiol Aging. 2014; 35: 725.e11–5.

50.

Brown JA, Min J, Staropoli JF, Collin E, Bi S, Feng X, et al. SOD1, ANG, TARDBP and FUS mutations
in amyotrophic lateral sclerosis: a United States clinical testing lab experience. Amyotroph Lateral
Scler. 2012; 13: 217–222. doi: 10.3109/17482968.2011.643899 PMID: 22292843

51.

Pfister T, Sekhon R, White M, Scott P, Munro S, Johnston M, et al. Familial amyotrophic lateral sclerosis in Alberta, Canada. Amyotroph Lateral Scler Frontotemporal Degener. 2013; 14: 273–277. doi: 10.
3109/21678421.2012.754044 PMID: 23286750

52.

Conte A, Lattante S, Luigetti M, Del Grande A, Romano A, Marcaccio A, et al. Classification of familial
amyotrophic lateral sclerosis by family history: effects on frequency of genes mutation. J Neurol Neurosurg Psychiatry. 2012; 83: 1201–1203. doi: 10.1136/jnnp-2012-302897 PMID: 22773853

53.

Kepp KP, Dasmeh P. A model of proteostatic energy cost and its use in analysis of proteome trends
and sequence evolution. PLoS One. 2014; 9: e90504. doi: 10.1371/journal.pone.0090504 PMID:
24587382

54.

Dehouck Y, Grosfils A, Folch B, Gilis D, Bogaerts P, Rooman M. Fast and accurate predictions of protein stability changes upon mutations using statistical potentials and neural networks: PoPMuSiC-2.0.
Bioinformatics. 2009; 25: 2537–2543. doi: 10.1093/bioinformatics/btp445 PMID: 19654118

55.

Dehouck Y, Kwasigroch JM, Gilis D, Rooman M. PoPMuSiC 2.1: a web server for the estimation of protein stability changes upon mutation and sequence optimality. BMC Bioinformatics. 2011; 12: 151. doi:
10.1186/1471-2105-12-151 PMID: 21569468

56.

Capriotti E, Fariselli P, Casadio R. A neural-network-based method for predicting protein stability
changes upon single point mutations. Bioinformatics. 2004; 20 Suppl 1: i63–8. PMID: 15262782

57.

Capriotti Emidio, Fariselli Piero, Casadio R. I-Mutant2.0: predicting stability changes upon mutation
from the protein sequence or structure. Nucleic Acids Res. 2005; 33: W306–W310. PMID: 15980478

58.

Chiti F, Dobson CM. Protein misfolding, functional amyloid, and human disease. Annu Rev Biochem.
2006; 75: 333–366. PMID: 16756495

59.

Saccon RA, Bunton-Stasyshyn RKA, Fisher EMC, Fratta P. Is SOD1 loss of function involved in amyotrophic lateral sclerosis? Brain. 2013; 136: 2342–2358. doi: 10.1093/brain/awt097 PMID: 23687121

60.

Deng H-X, Shi Y, Furukawa Y, Zhai H, Fu R, Liu E, et al. Conversion to the amyotrophic lateral sclerosis
phenotype is associated with intermolecular linked insoluble aggregates of SOD1 in mitochondria. Proc
Natl Acad Sci U S A. 2006; 103: 7142–7147. PMID: 16636275

61.

Wang L, Deng H-X, Grisotti G, Zhai H, Siddique T, Roos RP. Wild-type SOD1 overexpression accelerates disease onset of a G85R SOD1 mouse. Hum Mol Genet. 2009; 18: 1642–1651. doi: 10.1093/hmg/
ddp085 PMID: 19233858

62.

Fukada K, Nagano S, Satoh M, Tohyama C, Nakanishi T, Shimizu A, et al. Stabilization of mutant Cu/
Zn superoxide dismutase (SOD1) protein by coexpressed wild SOD1 protein accelerates the disease
progression in familial amyotrophic lateral sclerosis mice. Eur J Neurosci. 2001; 14: 2032–2036. PMID:
11860498

63.

Bouteloup C, Desport J-C, Clavelou P, Guy N, Derumeaux-Burel H, et al. Hypermetabolism in ALS patients: an early and persistent phenomenon. J Neurol. 2009; 256: 1236–1242. doi: 10.1007/s00415009-5100-z PMID: 19306035

64.

Genton L, Viatte V, Janssens J-P, Héritier A-C, Pichard C. Nutritional state, energy intakes and energy
expenditure of amyotrophic lateral sclerosis (ALS) patients. Clin Nutr. 2011; 30: 553–559. doi: 10.1016/
j.clnu.2011.06.004 PMID: 21798636

PLOS ONE | DOI:10.1371/journal.pone.0118649 March 23, 2015

18 / 19

Proteome Exhaustion May Cause Amyotrophic Lateral Sclerosis

65.

Richardson K, Allen SP, Mortiboys H, Grierson AJ, Wharton SB, Ince PG, et al. The effect of SOD1 mutation on cellular bioenergetic profile and viability in response to oxidative stress and influence of mutation-type. PLoS One. 2013; 8: e68256. doi: 10.1371/journal.pone.0068256 PMID: 23840839

66.

Mattiazzi M, D’Aurelio M, Gajewski CD, Martushova K, Kiaei M, Beal MF, et al. Mutated human SOD1
causes dysfunction of oxidative phosphorylation in mitochondria of transgenic mice. J Biol Chem.
2002; 277: 29626–29633. PMID: 12050154

67.

Browne SE, Yang L, DiMauro J-P, Fuller SW, Licata SC, Beal MF. Bioenergetic abnormalities in discrete cerebral motor pathways presage spinal cord pathology in the G93A SOD1 mouse model of ALS.
Neurobiol Dis. 2006; 22: 599–610. PMID: 16616851

68.

Dupuis L, Gonzalez de Aguilar J-L, Echaniz-Laguna A, Eschbach J, Rene F, Oudart H, et al. Muscle mitochondrial uncoupling dismantles neuromuscular junction and triggers distal degeneration of motor
neurons. PLoS One. 2009; 4: e5390. doi: 10.1371/journal.pone.0005390 PMID: 19404401

69.

Strong MJ. The evidence for altered RNA metabolism in amyotrophic lateral sclerosis (ALS). J Neurol
Sci. 2010; 288: 1–12. doi: 10.1016/j.jns.2009.09.029 PMID: 19840884

70.

Somalinga BR, Day CE, Wei S, Roth MG, Thomas PJ. TDP-43 identified from a genome wide RNAi
screen for SOD1 regulators. PLoS One. 2012; 7: e35818. doi: 10.1371/journal.pone.0035818 PMID:
22563406

71.

Gagliardi S, Cova E, Davin A, Guareschi S, Abel K, Alvisi E, et al. SOD1 mRNA expression in sporadic
amyotrophic lateral sclerosis. Neurobiol Dis. 2010; 39: 198–203. doi: 10.1016/j.nbd.2010.04.008 PMID:
20399857

72.

Shibata N, Hirano A, Kobayashi M, Sasaki S, Kato K, Matsumoto S, et al. Cu/Zn superoxide dismutaselike immunoreactivity in Lewy body-like inclusions of sporadic amyotrophic lateral sclerosis. Neurosci
Lett. 1994; 179: 149–152. PMID: 7845611

73.

Forsberg K, Jonsson PA, Andersen PM, Bergemalm D, Graffmo KS, Hultdin M, et al. Novel Antibodies
Reveal Inclusions Containing Non-Native SOD1 in Sporadic ALS Patients. PLoS One. 2010; 5:
e11552. doi: 10.1371/journal.pone.0011552 PMID: 20644736

74.

Jaarsma D, Haasdijk ED, Grashorn JA, Hawkins R, van Duijn W, Verspaget HW, et al. Human Cu/Zn
superoxide dismutase (SOD1) overexpression in mice causes mitochondrial vacuolization, axonal degeneration, and premature motoneuron death and accelerates motoneuron disease in mice expressing
a familial amyotrophic lateral sclerosis mutant SO. Neurobiol Dis. 2000; 7: 623–643. PMID: 11114261

75.

Kitamura A, Inada N, Kubota H, Matsumoto G, Kinjo M, Morimoto RI, et al. Dysregulation of the proteasome increases the toxicity of ALS-linked mutant SOD1. Genes Cells. 2014; 19: 209–224. doi: 10.
1111/gtc.12125 PMID: 24450587

76.

Somalinga BR, Miller GA, Malik HT, Wigley WC, Thomas PJ. A screen to identify cellular modulators of
soluble levels of an amyotrophic lateral sclerosis (ALS)-causing mutant SOD1. J Biomol Screen. 2011;
16: 974–985. doi: 10.1177/1087057111418505 PMID: 21875953

77.

Deng H-X, Chen W, Hong S-T, Boycott KM, Gorrie GH, Siddique N, et al. Mutations in UBQLN2 cause
dominant X-linked juvenile and adult-onset ALS and ALS/dementia. Nature. 2011; 477: 211–215. doi:
10.1038/nature10353 PMID: 21857683

78.

Roberts BR, Lim NKH, McAllum EJ, Donnelly PS, Hare DJ, Doble PA, et al. Oral treatment with Cu(II)
(atsm) increases mutant SOD1 in vivo but protects motor neurons and improves the phenotype of a
transgenic mouse model of amyotrophic lateral sclerosis. J Neurosci. 2014; 34: 8021–8031. doi: 10.
1523/JNEUROSCI.4196-13.2014 PMID: 24899723

79.

Soon CPW, Donnelly PS, Turner BJ, Hung LW, Crouch PJ, Sherratt NA, et al. Diacetylbis(N(4)methylthiosemicarbazonato) copper(II) (CuII(atsm)) protects against peroxynitrite-induced nitrosative
damage and prolongs survival in amyotrophic lateral sclerosis mouse model. J Biol Chem. 2011; 286:
44035–44044. doi: 10.1074/jbc.M111.274407 PMID: 22033929

80.

Lu T, Pan Y, Kao S-Y, Li C, Kohane I, Chan J, et al. Gene regulation and DNA damage in the ageing
human brain. Nature. 2004; 429: 883–891. PMID: 15190254

81.

Robberecht W, Philips T. The changing scene of amyotrophic lateral sclerosis. Nat Rev Neurosci.
2013; 14: 248–264. doi: 10.1038/nrn3430 PMID: 23463272

82.

Le Masson G, Przedborski S, Abbott LF. A Computational Model of Motor Neuron Degeneration. Neuron. 2014; 83: 975–988. doi: 10.1016/j.neuron.2014.07.001 PMID: 25088365

83.

Magrané J, Sahawneh MA, Przedborski S, Estévez ÁG, Manfredi G. Mitochondrial dynamics and bioenergetic dysfunction is associated with synaptic alterations in mutant SOD1 motor neurons. J Neurosci.
2012; 32: 229–242. doi: 10.1523/JNEUROSCI.1233-11.2012 PMID: 22219285

84.

Milani P, Gagliardi S, Cova E, Cereda C. SOD1 Transcriptional and posttranscriptional regulation and
its potential implications in ALS. Neurol Res Int. 2011; 2011: 458427. doi: 10.1155/2011/458427 PMID:
21603028

PLOS ONE | DOI:10.1371/journal.pone.0118649 March 23, 2015

19 / 19

