Downloaded from orbit.dtu.dk on: Apr 09, 2024

DTU Library

=
=
—

i

Improved flood predictions by combining satellite observations, topographic
information and rainfall spatial data using deep learning

Palmitessa, Rocco; Hjermitslev, Oliver Gyldenberg; Johansen, Heidi Egeberg; Arnbjerg-Nielsen,
Karsten; Bauer-Gottwein, Peter; Mikkelsen, Peter Steen; Lowe, Roland

Link to article, DOI:
10.5194/egusphere-egu22-8823

Publication date:
2022

Document Version
Publisher's PDF, also known as Version of record

Link back to DTU Orbit

Citation (APA):

Palmitessa, R., Hjermitslev, O. G., Johansen, H. E., Arnbjerg-Nielsen, K., Bauer-Gottwein, P., Mikkelsen, P. S.,
& Lowe, R. (2022). Improved flood predictions by combining satellite observations, topographic information and
rainfall spatial data using deep learning. Abstract from EGU General Assembly 2022, Vienna, Austria.
https://doi.org/10.5194/egusphere-egu22-8823

General rights
Copyright and moral rights for the publications made accessible in the public portal are retained by the authors and/or other copyright
owners and it is a condition of accessing publications that users recognise and abide by the legal requirements associated with these rights.

e Users may download and print one copy of any publication from the public portal for the purpose of private study or research.
e You may not further distribute the material or use it for any profit-making activity or commercial gain
e You may freely distribute the URL identifying the publication in the public portal

If you believe that this document breaches copyright please contact us providing details, and we will remove access to the work immediately
and investigate your claim.


https://doi.org/10.5194/egusphere-egu22-8823
https://orbit.dtu.dk/en/publications/c33fb4da-4c13-4596-bd18-872e9e06a6e1
https://doi.org/10.5194/egusphere-egu22-8823

(EGUszzr, 2022

EGU22-8823
https://doi.org/10.5194/egusphere-egu22-8823

EGU General Assembly 2022
© Author(s) 2023. This work is distributed under

the Creative Commons Attribution 4.0 License.

Improved flood predictions by combining satellite observations,
topographic information and rainfall spatial data using deep
learning

Rocco Palmitessa’, Oliver Gyldenberg Hjermitslev?, Heidi Egeberg Johansen®, Karsten Arnbjerg-
Nielsen', Peter BauerGottwein', Peter Steen Mikkelsen', and Roland Léwe'

'Department of Environmental Engineering, Technical University of Denmark, 2800 Kgs. Lyngby, Denmark

’Alexandra Institute, 8200 Aarhus N, Denmark

3Digitalisering, IT & Indkeb, Jammerbugt Municipality, 9440 Aabybro, Denmark

Flood warning systems are needed to plan mitigation measures and inform response strategies.
The extent and dynamics of floods are typically predicted using physics-based hydrological
models, which are computationally expensive and data assimilation is difficult. Deep-learning
models can overcome these limitations, enabling fast predictions informed by multiple sources of
data. Studies show this can be achieved while retaining or improving the level of detail and
accuracy previously attainable. We, therefore, propose a deep-learning flood forecasting tool that
combines multiple sources of readily available data to quickly generate flood extent maps, which
can inform warnings.

We train a neural network with U-NET architecture consisting of encoder and decoder
convolutional modules. In the encoder module, features are extracted from the input and the data
is downsampled to reduce complexity. Subsequently, the data is upsampled back to the original
dimension in the decoder module and each 10 by 10 m pixel of the output image represents a
flood prediction. The input to the neural network includes radar rainfall observations, LIDAR
topographic scans, soil type and land use maps, groundwater depth simulations and previous
inundation maps. All inputs are individually normalized and pre-processed. The rainfall
observations are temporally aggregated to various intervals, hydrological features are highlighted
in the topographic scans, and soil types and uses are grouped into categories.

The model is trained and evaluated against a set of maps of surface water extent derived from
Synthetic Aperture Radar (SAR) satellite observations. The predictions are scored against the target
images by computing the critical success index (CSl), which measures the percentage of correct
predictions among the total predicted of observed flooded areas. Permanent water bodies and
areas where flooding is not captured by the satellite images (e.g. in forests) are masked out during
both training and evaluation. The model is trained on a set of flooding events that occurred
between 2018 and 2020 within the Jammerbugt Municipality in northern Denmark, which extends
for about 850 km?% The model is validated on spatially independent data and tested on temporally
independent events from the same study area.



The proposed model yielded up to ~60% CSI with the test dataset, which is comparable to existing
flood screening approaches. The test data included both fluvial and pluvial flooding as well as
observed surface water in coastal areas. Large flooded areas were correctly predicted, while false
negatives were frequently obtained for smaller areas. The overall performance of the proposed
method is expected to improve by further tuning the model hyperparameters and by treating
separately flood processes with different dynamics (e.g. pluvial vs. fluvial vs. coastal). These
tradeoffs are compensated by the minimal computational time required to generate predictions
once the model has been trained. Also, it is expected that the model can easily be transferred to
other locations since it relies on local topographic information. The additional advantage of using
a deep-learning approach is the ability to easily integrate alternative and additional data sources,
which enables, for example, longer-term flood warnings driven by rainfall forecasts instead of
observations.
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